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Abstract—Educators have problems conducting online learning, such as 
monitoring student attendance while presenting the material. This paper aims to 
predict student names who attend zoom video conferences with various lighting 
conditions and face angles by comparing two detection and two recognition 
methods. This paper proposes an intelligent system based on the use of a bot that 
will analyse a combination of face detection and recognition method for attend-
ance systems using video conferencing applications to carry out online learning. 
The proposed system will use the best combination of two methods to recapitu-
late student attendance. The face detection system uses Haar Cascade and Multi-
Task Cascaded Convolutional Neural Network (MTCNN), and the face recogni-
tion system uses ResNet and FaceNet. The tests were conducted on video zoom 
footage taken during online lectures. The results show that MTCNN and FaceNet 
get the highest accuracy, 93.23%. 
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1 Introduction 

Recently, digital transformation has been swift and massive. This phenomenon is 
mainly due to the pandemic caused by the Covid-19 virus. In education, digital trans-
formation occurs because schools or lectures are conducted online using LMS (Learn-
ing Management Systems) to manage teaching materials and video conferencing for 
student meetings with the teachers. Many video conferencing options can be used for 
online learning, for example, Zoom, Google meet, Jitsi, Webex, etc. Of these applica-
tions, the one with the most users is zoom because they are already familiar with it and 
the user interface is easy to use. Indeed, the advantages possessed by zoom are well 
described in [1]–[3]. The advantages are flexible working options for staff, process 
learning activities in schools and colleges can be carried out at home, especially in the 
Covid-19 affected areas, and the learning continues to happen. Zoom is also one mod-
ern application approach to teaching-learning. Previously, e-learning, distance educa-
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tion and correspondence courses were popularly considered part of non-formal educa-
tion. Still, they seem to gradually replace the formal education system if the circum-
stances persist over time. 

Some problems arise when educators face online meetings. One of them is the diffi-
culty of monitoring or supervising students when the teacher explains [4]. The main 
problem is that students must focus on listening to the presented material. While edu-
cators also know the condition of students, whether students are still in the meeting 
room or have left the room while in the middle of learning. However, this is not easy 
because of the large number of students to supervise [5], [6]. Furthermore, the teacher 
is explaining the material, and due to the limitations of the zoom participant's screen, it 
would be difficult for educators to check the attendance in the room [7]. 

An attendance system using facial recognition whose datasets are directly obtained 
from zoom meetings has never existed. In developing countries, especially in our coun-
try, Indonesia, there has yet to be a video conferencing-based attendance system based 
on the use of a bot, so this research is significant. The image output quality from this 
video conference has many challenges: varying lighting conditions, occlusions of the 
student's faces, and blurred facial conditions due to the quality of the software resolu-
tion.  

Based on the described background, this research will be conducted to solve the 
problems educators face by using automation technology and algorithms in digital im-
age processing and deep learning, comparing the results and choosing the best model 
to be used. For the face detection method, we will compare Haar cascade and MTCNN, 
and for face recognition, we will compare ResNet and FaceNet. Furthermore, this re-
search aims to prove that the proposed algorithm can solve the problems encountered 
and implement the algorithm with high accuracy, light and angle invariant in the form 
of a monitoring system based on the use of a system based on a bot. Finally, this system 
can help educators to monitor student attendance during learning. 

2 Research method 

2.1 Previous research 

There is much research that discusses facial detection and recognition. For example, 
K. Zhang et all [8] developed a technique that combines face alignment and detection 
in unrestricted contexts by cascading three deep convolutional network layers. It is 
known as the MTCNN, the most accurate and widely used face detection tool today. It 
is composed of 3 neural networks connected in a cascade. The prior face detection al-
gorithm widely used was Haar Cascade, invented by Viola and Jones [9]. This algo-
rithm can detect faces from an input video [10].  

The novel technique and architecture to recognise the face using a deep neural net-
work have become a hot topic in the last decade [11]. FaceNet [12] has the architecture 
to process a person's face image as input and compresses it into a vector of 128 numbers 
representing the essential features of the face. Residual Networks (ResNet) [13] is a 
classic and robust neural network used as a backbone for many usages in computer 
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vision tasks. The breakthrough with ResNet was that it could successfully train a deep 
neural network with more than 150 layers. The research continues to be developed by 
several researchers worldwide and produces many benefits in computer vision, espe-
cially for face detection and facial recognition. [14] uses the enhanced Viola-Jones al-
gorithm so that the detection results increase by 12%, and the speed increases four 
times. Haar Cascade algorithm is also applied in facial emotion recognition by [15] 
with 74% accuracy, 73% precision, 76% recall, and computation time reaching 15 sec-
onds per frame. [16], also, comparing the algorithm, which was developed by Viola-
Jones, with another face detector method has better results. The basic principles of cur-
rent mainstream face detection algorithms MTCNN and the YOLOV3 model were 
deeply analysed by [17], and MTCNN can handle the extreme case where many faces 
with small targets in pictures. [18] optimised the MTCNN face detection algorithm by 
modifying each cascading network module (PNet, RNet, and ONet) using the FDDB 
face test set. The detection speed result has increased by 70.1%, and the MTCNN face 
detection algorithm has good robustness for face pose changes and can work well in 
low computing power scenarios. 

2.2 Research design 

In this study, the educators used two computers to run zoom, as shown in Figure 1. 
The teacher will use the first device to present the material. At the same time, the edu-
cators will use the second computer to run the facial recognition algorithm on the stu-
dents who attend.  

The system based on the use of a bot runs on the second device and consists of 4 
steps, as seen in Figure 2. During the first step, the system captures a screen containing 
the student's face, and then the system detects faces using one of the Haar Cascade or 
MTCNN methods. In the third step, image processing techniques are performed, the 
system crops the detected faces, and finally, facial recognition is performed using 
FaceNet and ResNet. The details of this process are explained in Figure 2.  

 

Fig. 1. General Idea of Attendance Monitoring System 
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Fig. 2. Illustration Process of Attandance Monitoring System  

2.3 Data samples 

One of the essential parts of conducting this research is data. The data used is a 
collection of student facial images from 5 classes taking online learning. It collects 494 
data and 106 folders or class labels. The collection of face images has been labelled 
with the name [student_name][space][student_id_number] for the name folder. Each 
folder consists of 5 face images cropped according to various angles or head positions 
with the naming format [student_name][number].jpg. In the file name, the number rep-
resents each angle orientation. The figures and angles are as follows; the illustration of 
the folder name can be seen in Figure 3. 

• Number 1 = front view 
• Number 2 = turn to the left 
• Number 3 = turn to the right 
• Number 4 = looking up 
• Number 5 = looking down 

 

Fig. 3. Folder Naming Management 

2.4 The tools and application 

We use two computers, one computer to make presentations or learning processes, 
the second computer to carry out monitoring and attendance processes using a bot-
based system. one full screen computer with presentation material, while two full screen 
computers with video images of all participants starting from the beginning of learning 
to the end of learning. the bot-based system will periodically make attendance, once 
every one minute, the results of facial recognition will be included in the csv file. which 
can be monitored directly by the teacher. 
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The tools we use are zoom meetings, screen captures, and systems that use the Py-
thon-based programming language. the output from our system is a csv file. which con-
tains the attendance of students periodically, that is once a minute. for example, if we 
hold a meeting for 60 minutes, there will be 60 attendance times, so if a participant 
disappears or is not present in the middle of the learning process, the teacher will mon-
itor it. 

3 Experiment result and discussion 

3.1 Experiment result 

The system was experimented with in six classrooms. The system takes 15 screen 
captures in each class, so 1746 faces are captured. The system results applied to these 
conditions can be summarised as follows. Based on the performance in Table 1, 
MTCNN performs better than Haar Cascade performing face detection. This is because 
MTCNN has taken advantage of a more complex machine learning architecture. So that 
with difficult conditions, MTCNN can still detect students' faces, for example, poor 
lighting. The results based on Table 1 are system recognition capabilities per frame. In 
the recognition time interval of 30 minutes, these methods provide high accuracy results 
in recognising the faces of students in a class and the average accuracy of attendance 
success for every class and method by using 10-Fold cross-validation is shown in Table 
2. The average ability of each technique in performing automatic attendance for 30 
minutes using Haar+ResNet is 72.22%, Haar+FaceNet is 87.62%, MTCNN+ResNet is 
78.62%, and MTCNN+FaceNet is 93.23%. 

Table 1.  Face Recognition Experiment Results per Frame 

Architecture Face Detected Face Detection Suc-
cess Percentage 

Total True 
Recognition 

True Recognition 
Percentage 

Haar+ResNet 979 56.07% 6 0.34% 
Haar+FaceNet 1011 57.9% 198 11.34% 
MTCNN+ResNet 1710 97.94% 11 0.63% 
MTCNN+FaceNet 1710 97.94% 202 11.57% 

 
Experiments show that the best combination for face detection and face recognition 

is MTCNN for face detection and FaceNet for face recognition. This is because 
MTCNN works well even in low light conditions [19], and faces only partially appear. 
On the other hand, FaceNet is also robust in distinguishing the faces of each student 
who has been trained [20]. This happens because FaceNet is invariant in low-light con-
ditions. 
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Table 2.  Automatic Attendance Recognition Experiment Result 

Class Method 
Average at-

tendance suc-
cess 

 Class Method 
Average at-

tendance suc-
cess 

1 

Haar+ResNet 70.3%  

4 

Haar+ResNet 69.6% 
Haar+FaceNet 85.3%  Haar+FaceNet 84.6% 
MTCNN+ResNet 77.6%  MTCNN+ResNet 76.3% 
MTCNN+FaceNet 93.3%  MTCNN+FaceNet 92.3% 

2 

Haar+ResNet 72.6%  

5 

Haar+ResNet 75.6% 
Haar+FaceNet 88.6%  Haar+FaceNet 91.3% 
MTCNN+ResNet 79.3%  MTCNN+ResNet 82.3% 
MTCNN+FaceNet 95%  MTCNN+FaceNet 94.6% 

3 

Haar+ResNet 71.6%  

6 

Haar+ResNet 73.6% 
Haar+FaceNet 87.3%  Haar+FaceNet 88.6% 
MTCNN+ResNet 75.6%  MTCNN+ResNet 80.6% 
MTCNN+FaceNet 93.6%  MTCNN+FaceNet 90.6% 

4 Conclusion 

This paper proposes a system that can help teachers to check and recapitulate the 
attendance automatically when online learning. Based on experiments, the system has 
challenges, namely low lighting, face that are not fully visible and the angle of the face 
when captured. Those problems can be solved by the system with the best accuracy 
using the MTCNN face detection method and FaceNet face recognition with an accu-
racy of 93.2%. 
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